Indicators for quality of schooling are not only relatively new in the world but also unavailable for a sizable share of the world's population. In their absence, some proxy measures have been devised. One simple but powerful idea has been to use the schooling premium for migrant workers in the U.S. (Bratsberg and Terrell, 2002) . In this paper we extend this idea and compute measures for the schooling premium of immigrant workers in the U.S over a span of five decades. Focusing on those who graduated from either secondary or tertiary education in Latin American countries, we present comparative estimates of the evolution of such premia for both schooling levels. The results show that the schooling premia in Latin America have been steadily low throughout the whole period of analysis. The results stand after controlling for selective migration in different ways. This contradicts the popular belief in policy circles that the education quality of the region has deteriorated in recent years. In contrast, schooling premium in India shows an impressive improvement in recent decades, especially at the tertiary level.
Introduction
Education is critical for economic growth, poverty reduction, wellbeing, and a plethora of desirable social outcomes. The individual contribution of schooling has often been measured by labor market earnings. For almost five decades, researchers have examined the patterns of estimated schooling premia across economies. 1 The premia are typically shown as the estimated proportional increase in an individual's labor market earnings for each additional year of schooling completed.
However, there are two main reasons as to why researchers are limited in their comparisons of this expansive empirical literature: differences in data sample coverage and methodology. First, survey samples may not accurately reflect population distributions. For cost or convenience, surveys may concentrate on subpopulations that are easier or less expensive to reach, focus on firms rather than households, or concentrate on urban populations while excluding rural residents. Second, studies rarely use the same model to estimate returns. Variation in the control variables used in the models can affect estimated returns, as can variation in the used estimation strategy (Psacharopoulos and Patrinos, 2004) .
In this paper, we overcome both sources of non-comparability by focusing on a single economy (the U.S.), a sequence of the same survey instrument (the population census), and the same regression analysis during a period that comprises five decades. Along the lines of Bratsberg and Terrell (2002) , we explore labor earnings differentials for immigrant workers in the U.S.
by presenting comparable estimates of the schooling premium at the secondary and tertiary levels of education for individuals who were educated in their home country.
The analysis of immigrant workers in the U.S. is not new. The resurgence of large-scale immigration sparked the development of an extensive literature that examines the performance of immigrant workers in the labor market, including their earnings upon entry and their subsequent assimilation toward the earnings of native-born workers (see Borjas, 1999; and LaLonde and Topel, 1997, for surveys) . An important finding of this literature is that, over the period , there was a continuous decline in the relative entry wage of new immigrants. This is true in terms of both unadjusted earnings and earnings conditional upon characteristics such as education and experience. Borjas (1992) and Borjas and Friedberg (2009) show that there was a decline in cohort quality between 1960 and 1980, and this pattern was reversed during the 1990s. Most of these fluctuations can be explained by a shift in the origin-country composition of immigration to the United States. Following the 1965 Amendments to the Immigration and Nationality Act, fewer immigrants originated in Europe. Instead, the majority came from developing countries, particularly Latin American and Asia. Immigrants from these countries tended to be less skilled and had worse outcomes in the U.S. labor market than immigrants from other regions. Hanushek and Kimko (2000) find that this can be explained by the immigrants' home-country education quality. For immigrants who are educated in their own country but not in the United States, the quality of education in their country of origin is directly related to U.S earnings.
Similar to the methodological approach of this paper, Bratsberg and Terrell (2002) focus on the U.S. labor markets and investigate the influence of the country of origin on the schooling premium of immigrants. In particular, they link the schooling premium to the school quality of the countries of origin. They show that immigrants from Japan and Northern Europe receive high returns and immigrants from Central America receive low returns. Similarly, Bratsberg and Ragan (2002) find significant earnings differentials between immigrants that acquired schooling in the U.S. and those that did not. Hanushek and Woessmann (2012a) provide new evidence about the potential causal interpretation of the cognitive skills-growth relationship.
By using more recent U.S. data, they were able to make important refinements to the analysis of cognitive skills on immigrants' labor market earnings that were previously introduced in Hanushek and Kimko (2000) . They also included the specification of full difference-indifferences models that we will use in this paper.
Hanushek and Woessmann (2012b) use a new metric for the distribution of educational achievement across countries, which was introduced in Hanushek and Woessmann (2012a) , to try and solve the puzzle of Latin American economic development. The region has trailed most other world regions over the past half century despite relatively high initial development and school attainment levels. This puzzle, however, can be resolved by considering educational achievement, a direct measure of human capital. They found that in growth regressions, the positive growth effect of educational achievement fully accounts for the poor growth performance of Latin American countries. These results are confirmed in a number of instrumental-variable specifications that exploit plausible exogenous achievement variations, which stem from historical and institutional determinants of educational achievement. Finally, a development accounting analysis finds that, once educational achievement is included, human capital can account for between half to two-thirds of the income differences between Latin America and the rest of the world.
In this paper we also focus on the schooling premia for the Latin American and the Caribbean region (LAC) and compare them to those of migrants from other regions, particularly from East Asia and Pacific (EAP), India, Northern Europe, and Southern Europe, all relative to immigrants from former Soviet Republics 2 . The available data allows us to measure such premia for workers who graduated from school, either at the secondary or tertiary levels, in their home countries between 1940 and 2010.
The rest of the paper proceeds as follows. The next section contains a description of the methodology. In section 3 we introduce the data sources and some descriptive statistics that compare immigrants educated in their country of origin versus immigrants educated in U.S. by census year and region of origin. Section 4 presents estimates of the schooling premium (secondary and tertiary) for male immigrants from 17 LAC countries and 4 other regions relative to male immigrants from the former Soviet Republics. Section 5 examines the robustness of results after controlling for non-random migration, and section 6 concludes.
Methodology
Mincer (1974) has provided a great service in estimating the schooling premium by means of the semi-log earnings function. The now standard method of estimating private benefits per year of schooling is by determining the log earnings equations with the form:
where ln( ) is the natural log of hourly earnings for the ith individual; is years of schooling (as a continuous variable); is the age of the individual; is a set of control variables, and is a random disturbance term reflecting unobserved characteristics. The set of control variables is kept deliberately small to avoid overcorrecting for factors that are correlated with years of schooling. In this way 1 can be interpreted as the average premium per year of schooling.
In this paper, we are also interested in the schooling premium received by immigrant workers in the U.S who graduated from school during the last five decades. For this purpose, we add a set of dummy variables D which account for the country of origin of all workers. Additionally, we use a linear-spline specification where EDUC appears in two segments: years greater than 8 and less than or equal to 12 (secondary education) and years greater than 12 (tertiary education) to allow for a nonlinear fit. As a result, the main equation to estimate is:
Now, ln( ) is the natural log of hourly earnings for the ith individual graduated in cohort year t. The vector of control variables X contains the following variables: a set of dummy variables for English proficiency (speaks English well, very well or native), a dummy for marital status (married with spouse present), eight census divisions, years in the United States as a control for assimilation, and the average growth in GDP per capita of the country of origin during the five years prior to immigration in the US to control for economic conditions. The error tem of the wage regression consists of a country-specific component ( ) and an individual component ( ).
First, we focus on workers who acquired all their education outside the U.S. The estimate of the country-of-birth's specific schooling premium is the coefficient of the interaction term between the country-specific dummy variable and years of (secondary or tertiary) schooling of the individual. The omitted level is immigrants from former soviet republics 3 (with secondary or tertiary schooling). In this way 1 , the premium per year of schooling, can be estimated for each country of origin for different levels of schooling.
Such set of coefficients 1 can also be interpreted as the "first differences" in schooling premia between migrants from different countries/regions (vis-a-vis those of migrants that are in the base category) for different schooling levels. We closely follow this approach, which was introduced by Bratsberg and Terrell (2002) , to make our estimations in section 4. Later in section 5, we will introduce different ways of controlling for non-random selection into migration.
Data and Descriptive Statistics
We use a pooled data set from the Public Use Finally, as mentioned in the methodology section, we split the years of schooling variable intro three categories-years of primary, secondary and tertiary schooling.
Non-citizens and naturalized citizens are labeled as "immigrants". All others are classified as "natives." "Immigrants educated in origin" are defined as those whose final year of graduation is before their year of immigration. "Immigrants educated in the U.S." are defined as those who arrived to the U.S. with six or fewer years of education in their origin country and continued their education within the U.S. We exclude persons from the regression sample if we cannot identify which group they belong to. Table 2 shows results for the regressions that estimate Equation (2) . In the table we combine results for four world regions (East Asia and Pacific, India, Northern Europe and Southern Europe) and seventeen countries from Latin America and the Caribbean. In each pair of columns, we report the results for a pooled set of immigrants by graduation cohorts (1940-59, 1960-69, 1970-79, 1980-89 or 1990-2010) . We report only the coefficient of interest, 1 , the difference in schooling premia between each country/region and the base category. This schooling premia is for every year of education. As outlined in Equation (2), we allow such schooling premia to vary between levels (secondary and tertiary). In addition to tables with the estimated coefficients and with a visual purpose, we also compute the parameter estimates over a rolling window of a fixed size 8 through the sample, so we can get smooth time-varying parameters and plot them against the year of graduation 9 of immigrants as time variable.
Results
Regarding migrants with only high school studies, the most salient fact is that most of the countries in Latin America show stagnancy or decline in the evolution of their schooling premium relative to those of other immigrants ( Figure 3 ). For other regions of the world, the evolution has been somewhat different. The schooling premium of immigrants from southern Europe begun to grow in mid-70´s and started to fall in the early 90´s. Immigrants from both India and East Asian and the Pacific show a schooling premium that originally was lagging behind than those from LAC, but now the situation is reversing.
Within Latin America and the Caribbean, it is interesting to note that the southern cone countries have the highest premium but showing a negative tendency. From the mid-40´s until the early 70´s Central American countries showed a temporary improvement. The case of Cuba is interesting as it is the only country with constant improvements in their relative schooling premium since the early 60´s. However, most of the countries show a stagnation or even a decline in schooling premium, although some countries such as Brazil and to a lesser extent the Andean countries at least seem to show an improvement in their premia since the mid-80´s, For migrants with tertiary studies in their home country the situation is somewhat different. All in all, the Latin American relative schooling premium is even worse than the one reported for secondary, falling behind from other regions relative to other immigrants premium (figure 4).
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Controlling for non-random selection into migration
Migrants in the U.S. are not a random sample of the populations of their corresponding countries of origin. Self-selection into emigration as well as into a subsequent non-return to their home countries occurs both in observable and unobservable characteristics (Borjas, 1987; Borjas & Bratsbert, 1996) . Figure A1 in the appendix shows that this is the case for years of schooling when comparing the data for migrants (from the U.S. Census) and that of populations further from the United States should be more highly selective because there are greater costs associated with migrating long distances. And according to Lee (1966) , migrants who respond to push factors will be less selective. Economists have also assumed that selectivity applies only to economic migrants (Chiswick 2000) . Figure A1 in the appendix shows that all immigrants in our sample are positively selective and there is substantial variability in the level of selectivity by origin country. In general, immigrants from LAC countries seem to be less positively selective than immigrants from other regions. Immigrants from Mexico and other countries from Central America are less educationally selective, whereas those from the Southern cone and Asia are more. In particular, selection for immigrants from India seems to be high, supporting the idea that migrants from countries that are farther from the United States should be more highly selective.
Another source of selection might stem from the occupations that immigrants ending up working in the United States. As Figure A2 show, the proportion of immigrants working in white and blue collar occupations varies considerably across cohorts within the same country, reflecting the changes in the mix of occupations in the U.S labor force. Although the shift from a labor force composed of mostly manual laborers to mostly white collar and service workers could be observed from the beginning of the 20th century, a notable acceleration of this trend occurred in the 1980s and is still growing. Even though this trend can be observed for most countries, there are some countries, particularly immigrants from Mexico, Central America and to a lesser extent from the Caribbean that are still employed mainly in blue collar occupations probably reflecting that immigrants from those countries are less educational selective as we mentioned previously.
Finally, it's worth mentioning that as expected, the number of immigrants vary by country, but also by cohort from a same country. Figure A3 shows the waves of immigrants by selected regions. As expected, Mexico is by large the main country of origin of immigrants, and there is a clear decline in the number of immigrants for recent cohorts, being in general the most populous cohorts those graduated between 1970 and 1990.
In this section we address the selection issue with three different approaches: a diff-in-diff setup, occupation-restricted regressions, and a non-parametric matching tool 12 . Table 3 shows the same descriptive statistics but for immigrants educated in the US and US natives. The first obvious difference with respect to the sample of immigrants educated in their country of origin is the limited number of observations, especially for the first few censuses.
A diff-in-diff approach
Additionally, we have a much younger sample for the first few censuses. Most of immigrants who migrated with less than six years of education in their countries of origin were less than 34 years-old at the time of the census. In the following censuses, this particular sample becomes more evenly distributed in regards to age but still younger than the immigrant sample educated in their countries of origin. Finally, this sample is more educated than their counterparts who were educated in their countries of origin. We introduce a refinement to Equation (2) along the lines of Hanushek and Woessmann (2012a) . This takes into consideration that the unobserved component may contain information about certain traits that are shared by all migrants originating from certain areas, such as work ethics, perseverance, attitudes, etc. If it were the case that these characteristics are ingrained in the populations from certain areas, it is not necessarily the case that these are the "results" of their educational systems.
Fortunately, there is a nice way to clean the results for these unobservable characteristics. To do this, we introduce a new group of workers, also migrants, but with differences in their place of education. These migrant workers are second generation immigrants who received their education in the U.S. By using their information with a "differences-in-differences" setup, we are able to clean the results from the unobservable factors/values that are nurtured in the original local societies and stay fixed after migration. Thus, we first follow a difference-indifferences strategy, comparing the returns of schooling for immigrants educated in their country of origin to those of immigrants from the same country educated within the United
States. The equation of estimation (based on 2) is:
The parameter 1 captures the relevant contrast in skills between home-country schooling and U.S. schooling 13 . We interpret 1 as a difference-in-differences estimate of the effect of homecountry schooling on earnings, where the first difference is between home-country educated immigrants (the "treatment group") and U.S.-educated immigrants (the "control group") from the same country, and the second difference is in the average years of schooling of the home country. The parameter 2 captures the bias that would emerge in standard cross-sectional estimates from omitted variables like cultural traits that are correlated with home-country years of schooling in the same way for all immigrants from the same country of origin (independent of where they were educated).
The results previously reported remain after using the diff in diff methodology. The schooling premium for Latin America and the Caribbean is stagnated. In tertiary, again, Latin America and the Caribbean shows the lowest premium but now the decline trend seems to be reversed since the late 80's, catching up with East Asian and the Pacific although still far from the other regions. In fact, the gap is widening with respect to India, since its impressive positive trend stands. 1 1950 1955 1960 1965 1970 1975 1980 1985 1990 1995 1950 1955 1960 1965 1970 1975 1980 1985 1990 1995 1 1950 1955 1960 1965 1970 1975 1980 1985 1990 1995 Secondary Schooling premium 1950 1955 1960 1965 1970 1975 1980 1985 1990 1995 2000 Year of graduation 
Non-parametric matching
During the half century of our analysis many workers' characteristics may have changed. This section reports the results of an exercise that attempts to control for those changes. For that purpose, we use the matching-on-characteristics approach developed in Ñopo (2008) 1 1950 1955 1960 1965 1970 1975 1980 1985 1990 1995 2000 Year of graduation .06
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where w matching denotes the weights after matching (that is, after the differences in the distribution of observable characteristics have vanished). Figure 11 . Evolution of Secondary schooling premium relative to other immigrants (With weights after matching) Figure 12 . Evolution of Tertiary schooling premium relative to other immigrants (With weights after matching)
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Conclusions
In this paper we show proxy evidence that the schooling premia in Latin America have been steadily low for the last 50 years. Besides, these results stand after controlling for selective migration in different ways. This contradicts the popular belief in policy circles that the education quality of the region has deteriorated in recent years. However, Latin America and the Caribbean is a very heterogeneous region and there are certainly some differences among countries. Southern cone countries have better premia, particularly at the tertiary level. In
Central America, Costa Rica and Panama stand out over their neighbors and Cuba show a significant improvement particularly at secondary during the period of analysis. All in all, the overall picture for the region shows little room for optimism and should be caused of concern.
The shift from a labor force composed of mostly manual laborers to mostly white collar and service workers occurred in the US a few decades ago. In this context, it seems that immigrants from LAC are not prepared enough and hence not taking advantage of the technology-driven shift. As a result, there is the concern that education systems in the region are failing to prepare students for the workforce and to compete in this context of rapid changes and global economy.
In contrast, schooling premium in India shows an impressive improvement in recent decades, especially at the tertiary level. This goes in line with the idea that the selective migration of Indian workers to the US emphasized on highly-trained technologically-oriented individuals,
showing that least for a selected group, the education system in India is providing some skills that have been highly rewarded in the US for the last two decades.
